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Fig.1 Pipeline of MPI generation from a casual focal stack with a manual lens camera.
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Fig.2 Two focal stack photography strategies.
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(focal length=50mm, f/1.8)

4 -
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Fig.3 Supporting depth ranges depending on the
aperture sizes.
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Fig.7 Qualitative comparison of MPI rendering results on a synthetic dataset.
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# 1 SRESET— XXy MBI 5 MPI kRO E &g
Table 1 Quantitative comparison of MPI rendering results on a synthetic dataset
Focus ring modulation Vmean — Vsid PSNR (1) SSIM (1) LPIPS ({)
Continuous Rotation (No noise) 0.003  0.000 | 21.748 (2.856) 0.8422 (0.0406) 0.0992 (0.0269)

" Continuous Rotation (Rotation noise) | 0.003  0.001 | 21.715 (2.839) 0.8385 (0.0413) 0.1006 (0.0272) ~
Continuous Rotation (Rotation noise) | 0.003  0.002 | 21.609 (2.802) 0.8282 (0.0454) 0.1059 (0.0273)
Continuous Rotation (Rotation noise) | 0.003 0.003 | 21.549 (2.716) 0.8221(0.0439) 0.1116 (0.0270)

" Continuous Rotation (Early stop) | 0.003 0.000 | 20.702 (2.870) 0.7372 (0.0822)  0.1230 (0.0305)
Continuous Rotation (Middle stop) 0.003 0.000 | 21.026 (2.649) 0.7754 (0.0629) 0.1282 (0.0288)
Continuous Rotation (Late stop) 0.003  0.000 | 19.733(2.582) 0.6568 (0.0902) 0.1592 (0.0289)
Delta Rotation (No noise) 0.003  0.000 | 21.741 (2.846) 0.8408 (0.0408) 0.0999 (0.0271)

" Delta Rotation (Rotation noise) | ( 0.003" 0.001 | 21.679 (2.847) 0.8340 (0.0426) 0.1017 (0.0271) -
Delta Rotation (Rotation noise) 0.003 0.002 | 21.690 (2.787) 0.8378 (0.0406) 0.1040 (0.0267)
Delta Rotation (Rotation noise) 0.003  0.003 | 21.398 (2.746) 0.8103 (0.0506) 0.1134 (0.0266)

" Delta Rotation (No noise) | ( 0.045 0.000 | 21.609 (2.718) 0.8269 (0.0419) 0.1088 (0.0268) -

" Delta Rotation (Rotation noise) | ( 0.045 0.015 | 21.257 (2.815) 0.7897 (0.0533) 0.1191 (0.0270) -
Delta Rotation (Rotation noise) 0.045 0.030 | 20.410(2.236) 0.7139 (0.0656) 0.1780 (0.0264)
Delta Rotation (Rotation noise) 0.045 0.045 | 17.832(2.557) 0.4662 (0.1369) 0.2221 (0.0315)
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Fig.8 Qualitative comparison of MPI rendering results on a real-scene dataset.
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